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operations, and foster intelligent learning systems across sectors.
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INTRODUCTION

The rise of generative artificial intelligence (Al) and autonomous agents is reshaping the landscape of modern
business. These technologies are not only enhancing operational efficiency but also driving innovation
and creating new business models. This paper explores how generative Al (GenAl) autonomous agents are
influencing current business trends, highlighting their applications, benefits, and future potential. In recent
months we observe an enormous increase in deployment of GenAl autonomous agents in different
businesses, see for example review papers (Amankwah-Amoah et al., 2024), (Bahoo et al., 2024), (Brihl,
2024), (Hanyao et al., 2024), (Veluru, 2024), (Xu et al., 2024). All papers explore how Al, particularly GenAl,
is transforming various industries, with a focus on operational efficiencies, decision-making, and future
research opportunities. They also share concerns about ethical and practical challenges. Although there is
a certain commonality among them, each paper stands out based on its industry focus (e-commerce, finance,
social media), specific Al applications (recommender systems, supply chain, financial risk),
and methodological approach (bibliometric analysis, economic potential, operational integration challenges).
Each provides unique insights relevant to its specific field of study, offering tailored perspectives on Al's
impact.

The structure of the paper is as follows. In Section 1 we introduce GenAl autonomous agents and their key
components. Key business applications will follow in Section 2 with business use cases in Section 3 and smart
learning use cases in Section 4.
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1. GENERATIVE Al AUTONOMOUS AGENTS - WHAT ARE THEY?

GenAl refers to algorithms that can generate new content, including text, images, and audio, based on input
data. Autonomous agents are systems that can perform tasks independently, learning from their environment
and making decisions without human intervention. Together, they form a powerful combination that transforms
traditional business processes.

Russell and Norvig (2021) classify agents with respect to their degree of perceived intelligence and capability
to simple reflex agents, model-based reflex agents, goal-based agents, utility-based agents and learning
agents. Another classification by (Weiss, 2013) distinguishes four classes of agents: logic-based agents,
reactive agents, belief-desire-intention agents and layered architectures.

Based on the functionality of GenAl autonomous agents, their interaction with the environment, learning
capabilities, and architecture, we find the following characteristics more suitable from the practical point
of view. We present them tohether with a schematic explanation for each type.

1. Rule-based Agents rely on predefined rules and logic to generate responses or take actions.
They do not learn from past experiences but instead follow if-then-else rules. Typical examples
are chatbots that use decision trees or static templates to generate responses.

2. Supervised Learning-based Agents use a dataset with labeled examples to learn
the relationship between inputs and outputs. During deployment, they use this learned mapping
to generate responses or actions. However, they typically do not adapt or improve
after deployment. They can be found for example in image captioning models trained on large,
labeled datasets.

3. Unsupervised Learning-based Agents do not require labeled data and learn to generate
responses or actions by identifying patterns or structures within the input data. The model tries
to group data based on similarities. Advanced examples include Generative Adversarial
Networks (GANSs) for image generation, where the agent learns to produce realistic images based
on unstructured data.

4, Reinforcement Learning-based Agents learn by interacting with an environment, receiving
feedback through rewards or penalties for actions taken. They improve their decision-making
over time by maximizing cumulative rewards. For example, autonomous agents in games (e.g.,
Monopoly) that learn through playing against themselves or others.

5. Hybrid Agents (Multi-modal) combine multiple types of learning techniques (e.g., supervised,
unsupervised, and reinforcement learning) or modalities (e.g., text, images, speech) to enhance
their generative capabilities. They are often employed in complex environments requiring
adaptation and multi-tasking. For example, autonomous driving agents that use both sensor data
(vision) and reinforcement learning to navigate and make decisions.

6. Autonomous GenAl Agents are designed to autonomously generate novel outputs or perform
actions in complex environments without direct human intervention. They often combine
elements of reinforcement learning with generative models (e.g., GPT) to create content
or perform tasks. These agents can interact with humans or other agents in real-time, adapting
dynamically. For example, autonomous content creation systems, or conversational agents
that dynamically generate text, images, or other media based on contextual inputs.

Key components in GenAl agents therefore are:

1. Environment: The external world where the agent operates.
2. Agent: The decision-making entity that interacts with the environment.
3. Machine learning (ML) algorithm: The technique that enables the agent to learn from data

or interaction (e.g., supervised, unsupervised, or reinforcement learning). In particular deep
learning (DL) as a significant subset of ML methods utilize (deep) neural networks
for representation learning.
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4, Policy: The strategy an agent uses to decide its next action based on the current state.
5. Reward function: Used in reinforcement learning to evaluate the success of an action.
6. Generative model: A model that produces novel data (e.g., images, text) by learning

the underlying patterns in the training data.
Each class of agents can be applied to various domains, including natural language processing, image
generation, robotics, and virtual environments. In the following, we focus on their applications in business
and smart learning.

2. KEY BUSINESS APPLICATIONS

GenAl autonomous agents are at the forefront of transforming business practices across industries.
Their ability to enhance efficiency, drive innovation, and create new revenue opportunities positions them
as essential tools for modern enterprises. As businesses continue to explore the capabilities of these
technologies, those that adapt quickly will likely emerge as leaders in their respective fields. In summary,
the integration of GenAl into business operations is not merely a trend but a fundamental shift that will redefine
how organizations operate in the future. To demonstrate the timeliness of current trends, some of them are
referrenced only as highly cited web articles rather than papers published in scientific journals, where
the publication delay is not negligible.

1. Content creation and marketing: GenAl can create personalized marketing materials at
scale, allowing businesses to engage customers effectively. For instance, it can generate
tailored emails or social media content based on customer preferences, enhancing customer
experience and driving sales (Jairick, 2024), (McKinsey, 2023).

2. Customer service automation: Autonomous agents can handle customer inquiries through
chatbots or virtual assistants, providing timely responses and support. This not only improves
customer satisfaction but also reduces operational costs associated with human customer
service representatives (Applnventiv, 2024), (Podium, 2024).

3. Data analysis and decision making: These technologies can analyze vast amounts of data
quickly, providing insights that inform strategic decisions. Businesses can leverage GenAl
to identify market trends or customer behaviors, enabling them to adapt their strategies
proactively (Cognizant, 2023).

4, Product development: GenAl facilitates rapid prototyping by generating design concepts
or simulations based on specific parameters. This accelerates the product development
cycle, allowing companies to bring innovations to market faster (Jairick, 2024), (AppInventiv,
2024).

5. Operational efficiency: By automating repetitive tasks such as reporting or documentation,
GenAl frees up employee time for more strategic activities. This leads to significant
productivity gains across various business functions (McKinsey, 2023), (Cognizant, 2023).

The economic implications of GenAl are substantial. McKinsey (McKinsey, 2023) estimates that GenAl could
contribute between $2.6 trillion to $4.4 trillion annually across various sectors by enhancing productivity
and creating new revenue streams. The technology is predicted to automate 60-70 % of tasks currently
performed by employees, fundamentally changing the nature of work (McKinsey, 2023). We can observe
the following trends in their adoption:
. Rapid growth: The market for autonomous agents is projected to grow at a compound annual
growth rate (CAGR) of 42.8 %, indicating a strong demand for these technologies in the business
sector (Applnventiv, 2024).
. Integration with other technologies: The synergy between GenAl and other emerging
technologies like loT and blockchain is expected to unlock new applications in areas
such as smart cities and real-time data processing (Applnventiv, 2024), (Podium, 2024).
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. Competitive Advantage: Early adopters of GenAl are likely to gain significant advantages
over competitors by streamlining operations and enhancing customer experiences through
personalization (Jairick, 2024), (Cognizant, 2023).

While the potential benefits are immense, businesses must also navigate challenges and considerations

such as:

. Ethical implications: The use of Al raises ethical questions regarding data privacy and job
displacement. Companies must develop frameworks to address these concerns responsibly
(Jairick, 2024), (Cognizant, 2023).

. Skill gaps: As automation increases, there will be a need for workforce reskilling to ensure
employees can work alongside these technologies effectively (McKinsey, 2023).

. Implementation costs: Initial investments in technology infrastructure may be significant, posing
a barrier for smaller enterprises looking to adopt GenAl solutions (Applnventiv, 2024), (Podium,
2024).

3. BUSINESS TRENDS USE CASES

3.1. The role of GenAl agents in modern marketing

GenAl is increasingly transforming the field of marketing by enhancing efficiency, creativity, and the capacity
for personalized consumer engagement. Recent advancements in ML and Al have demonstrated substantial
applications within marketing, ranging from consumer behaviour analysis to the optimization of campaign
strategies. GenAl, a specialized subset of these technologies, provides marketers with sophisticated tools
to generate impactful content and foster meaningful consumer interactions.

Machine learning has been extensively utilized in marketing for predicting consumer demand, analysing
behaviour, and optimizing strategic initiatives. Techniques such as Bayesian networks, support vector
machines, and DL have been applied to model consumer responses and forecast demand (Islam et al., 2024).
GenAl augments these traditional capabilities through the automation of marketing content generation,
enabling firms to engage consumers with greater precision and efficacy. For instance, (Kshetri et al., 2024)
discuss numerous applications of GenAl in content creation, emphasizing its contribution to productivity
enhancement by automating labour-intensive marketing activities. Such techniques empower firms
to produce personalized emails, social media content, and advertising campaigns at scale, thereby
optimizing overall marketing efficiency.

A key advantage of GenAl lies in the automation of content production for digital channels. According (Islam
et al., 2024) GenAl agents can leverage real-world data to generate targeted, engaging marketing content,
fundamentally transforming brands' approaches to digital campaigns. By analysing extensive datasets,
generative models can emulate successful content strategies, enhancing consumer engagement rates
and expediting the creative ideation process. Vidrih and Mayahi (2023) further underscore the potential of Al-
generated storytelling, illustrating how GenAl can craft narratives that resonate emotionally with consumers,
thereby strengthening brand loyalty.

Beyond content automation, GenAl is also advancing conversational marketing. Israfilzade (2023)
examines the deployment of anthropomorphic GenAl agents as tools for conversational marketing. These
agents replicate human-like dialogues, allowing consumers to engage with brands in a more interactive
and personalized manner. Such Al-driven interactions are particularly valuable for customer service, offering
rapid, tailored responses to consumer inquiries. This personalized engagement can foster trust and cultivate
deeper relationships between consumers and brands.

While the current applications of GenAl in marketing are promising, there is an increasing emphasis
on innovation and future research directions. Cillo and Rubera (2024) outline a roadmap for leveraging GenAl
to enhance innovation processes within marketing strategies. By incorporating Al into both creative
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and strategic decision-making processes, firms can more effectively respond to shifting consumer
preferences and market dynamics, thereby gaining a competitive edge in the evolving digital landscape.

The opportunities presented by GenAl in marketing are manifold, encompassing productivity gains, enhanced
personalization, and improved consumer engagement. However, significant challenges remain, including
the ethical use of Al-generated content and addressing biases inherent in data. Future research, as proposed
by (Kshetri et al., 2024), should address these challenges to enable organizations to effectively implement
and leverage GenAl technologies. By focusing on ethical frameworks and best practices, marketers can fully
exploit the potential of GenAl while maintaining consumer trust.

3.2. The transformative role of GenAl in accounting

The integration of GenAl into the accounting domain represents a significant paradigm shift, promising
to revolutionize traditional workflows and enhance the roles and competencies of accounting professionals.
The existing literature underscores the diverse mechanisms through which GenAl is redefining accounting
tasks, facilitating efficiency improvements, informed decision-making, and the reallocation of human
resources to more strategic endeavors.

GenAl provides considerable opportunities for augmenting productivity within accounting by automating
routine, labor-intensive tasks. For example, IBM's research highlights the efficacy of Al technologies in
streamlining financial analytics, audit preparation, and regulatory compliance (see also individual
sections below), thereby enabling accountants to redirect their focus toward strategic activities, such as high-
level financial planning (IBM, 2023). Likewise, Evolution Al's insights illustrate the successful deployment
of GenAl in automating intricate financial processes, including loan underwriting, data extraction,
and compliance verification (Evolution.ai, 2024). Such applications significantly curtail the time and effort
accountants expend on repetitive tasks, thereby facilitating the delivery of value-added advisory services.
Furthermore, GenAl addresses inherent structural challenges within the accounting profession itself,
including staffing shortages and heightened burnout rates. Anica-Popa's framework for GenAl integration
suggests that Al can play an instrumental role in alleviating these challenges by reshaping the skill set
demanded of accounting professionals and automating routine aspects of their work (Anica-Popa et al., 2024).
Similarly, a report (Andrusko & Amble, 2024) underscores the potential of Al to mitigate staffing constraints,
noting that automation enhances operational efficiency with reduced human intervention, thereby alleviating
the burden on practitioners.

In practice, prominent accounting firms are increasingly incorporating Al tools to advance their service
offerings. The Master of Code blog (Sergiienko, 2024) delineates several use cases, such as tax preparation,
fraud detection, and audit automation, that exemplify the tangible benefits of GenAl. Firms such as Deloitte
and PwC have adopted these technologies, recognizing their critical role in increasing efficiency
and sustaining competitive advantage. Concurrently, BCG (Demyttenaere et al., 2023) explores how
the integration of conventional Al with generative models can optimize processes such as contract drafting
and invoice management, thereby enhancing the broader finance function.

However, despite these advantages, various publications also highlight the challenges and risks associated
with Al adoption. The Wolters Kluwer eBook (Miller, 2024) raises pertinent concerns regarding the regulatory
and ethical ramifications of deploying Al in accounting, particularly in areas such as client confidentiality
and regulatory compliance. It is therefore important to emphasize that accounting professionals must be
aware of GenAl's limitations and be careful to follow relevant regulations.

3.3. GenAl agents in credit risk management

The deployment of GenAl in credit risk management is fundamentally transforming the methodologies through
which financial institutions evaluate and manage credit risks. Recent trends underscore GenAl's capacity
to substantially augment the efficiency, precision, and equity of credit risk models, thereby presenting novel
opportunities across the credit life cycle, from client engagement to portfolio oversight.
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A principal advantage of GenAl is its role in refining the modeling of critical credit risk parameters,
including probability of default (PD), loss given default (LGD), and exposure at default (EAD). As expressed
by (Folpmers, 2023), GenAl's capabilities in advancing coding methodologies render PD, LGD, and EAD
models more precise and well-calibrated. By leveraging diverse datasets and uncovering intricate
relationships among variables influencing credit risk, GenAl facilitates a more profound comprehension
of a borrower's creditworthiness, thereby enhancing predictive accuracy. Moreover, GenAl strengthens
stress testing by generating an extensive array of adverse scenarios, equipping financial institutions
to anticipate and mitigate a broader spectrum of potential risks.

Another critical contribution of GenAl is its ability to enhance model validation and data integrity.
As elucidated by (Yusof & Roslan, 2023), GenAl can produce synthetic data for validation purposes, thereby
bolstering the robustness of risk models while mitigating challenges such as modeling bias. The utilization
of synthetic data also supports the development of more balanced datasets, yielding a more accurate
portrayal of default and non-default occurrences, which is pivotal for informed decision-making in credit risk
management. Furthermore, GenAl is instrumental in detecting data quality anomalies and identifying
outliers, thereby contributing to the reliability and resilience of credit risk models.

GenAl is increasingly integral to credit decision-making and client engagement processes. The report
(McKinsey, 2024) details various applications of GenAl throughout the credit life cycle, including personalized
product offerings, streamlined credit underwriting, and advanced portfolio monitoring. By synthesizing a wide
array of data in real time, Al can facilitate more nuanced assessments of creditworthiness and deliver tailored
solutions that align with clients' needs, while ensuring that risk exposure remains within established
thresholds.

However, despite the considerable benefits GenAl offers to credit risk management, several challenges
warrant attention. A primary concern is data privacy, as GenAl frequently depends on extensive volumes
of personal and financial data. Another pertinent issue is the assurance of fairness and transparency in Al-
driven decision-making, given that generative models can inadvertently propagate biases embedded within
the training data. Consequently, robust governance frameworks and the continuous surveillance of Al models
are imperative to mitigate these risks and uphold regulatory compliance.

3.4. Financial analysis

The integration of GenAl agents into financial analysis represents a profound technological advancement,
providing innovative solutions to some of the most persistent challenges in the financial sector (Liu & Wang,
2024). As highlighted in already mentioned BSG article (Demyttenaere et al., 2023), GenAl encompassing
tools such as large language models (LLMs) is fundamentally transforming financial services by augmenting
data accessibility, enhancing the quality of financial advisory, and improving decision-making paradigms.
Among others this study also presents a case study about drafting responses for investor relations calls.
GenAl is increasingly employed to generate synthetic data, which has demonstrated substantial utility
in simulating stock markets and other financial contexts. As noted by (Lee et al., 2024), generative models'
capacity to produce high-quality synthetic data addresses critical challenges associated with data deficiency
and privacy concerns. Financial analysts frequently require extensive datasets to validate hypotheses
or construct predictive models, yet access to real financial data is often hindered by regulatory constraints
and ethical considerations. By generating synthetic datasets that reflect the statistical characteristics of real
data, GenAl facilitates rigorous analysis without compromising data confidentiality.

Furthermore, GenAl is transforming financial advisory services by using LLMs to deliver personalized advice
to users. According to (Demyttenaere et al., 2023), the potential of LLMs to adjust financial planning
services is particularly significant, as these models can make financial advisory services more accessible
to individuals who have historically been excluded from such resources. The report underscores the ability
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of LLMs to customize financial advice based on individual user profiles, thereby enhancing the personalization
and pertinence of financial insights.

Nevertheless, there are significant challenges involved in deploying GenAl within financial analysis. A primary
concern is the requirement for domain-specific expertise to ensure that generated insights are both accurate
and contextually pertinent (Lo & Ross, 2024). Although generative models are powerful, they necessitate
anuanced comprehension of financial contexts to yield meaningful recommendations. Moreover,
the trustworthiness and ethical ramifications of Al-generated advice are pressing issues. Given the sensitive
nature of financial decision-making, it is imperative that Al systems conform to rigorous ethical standards
and provide reliable guidance to avert misinformation and mitigate the risk of financial harm.

Regulatory oversight is another critical facet of integrating GenAl into financial analysis. As (Lo & Ross, 2024)
notes, the deployment of LLMs in finance must be supported by appropriate regulatory frameworks to mitigate
risks, such as biases or "hallucinations", the generation of inaccurate or fabricated information by the model.
Regulatory compliance (implemented for example as a GenAl watchdog) is essential not only for ensuring
the safety and reliability of Al applications but also for fostering user trust, which is crucial for the widespread
adoption of these technologies in the financial sector.

3.5. Business intelligence analyst

GenAl is fundamentally transforming a wide array of business intelligence (BI) processes. Leveraging recent
advancements in GenAl research allows for an in-depth exploration of its potential to revolutionize decision-
making and optimize business operations. The potential of GenAl to drive innovation and reshape traditional
business processes is extensively documented in several recent papers. Mariani and Dwivedi (2024)
articulate the significant role of GenAl in fostering innovation, particularly in facilitating new product
discovery and enhancing processes across diverse industries, including pharmaceuticals and software
development. Similarly, (Feuerriegel et al., 2024) underscore GenAl's transformative capabilities, highlighting
its role in streamlining business workflows and enhancing productivity. In the context of Bl, GenAl agents
enhance decision-making through sophisticated data analysis, pattern recognition, and predictive
modeling, thereby enabling the extraction of nuanced insights from complex and unstructured datasets.

Bl applications that stand to benefit significantly from GenAl include customer segmentation, sales
forecasting, and anomaly detection. GenAl enables a more refined segmentation of customers by analyzing
purchasing behaviors and uncovering latent trends and patterns that might elude traditional analytical
methods. In sales forecasting, GenAl offers enhanced predictive accuracy by integrating historical sales data
with external variables such as market dynamics and macroeconomic indicators. Furthermore, in anomaly
detection, GenAl can effectively identify irregularities in financial transactions or operational workflows,
serving as a robust mechanism for fraud detection and operational efficiency enhancement.

Within managerial contexts, (Baabdullah, 2024) investigated the impact of content quality produced by Al
agents on managerial practices, emphasizing the critical role of ethical considerations and innovation
in designing these systems. For Bl analysts, GenAl serves as an invaluable asset for generating analytical
reports, identifying trends, and facilitating informed decision-making, contingent upon adherence
to ethical guidelines that ensure transparency and equity. This is especially pertinent in sensitive applications
such as credit scoring, where issues of fairness and accuracy are paramount.

Credit scoring represents a domain wherein GenAl exhibits substantial promise. Mancisidor et al. (2020)
introduced an innovative approach employing deep generative models for credit scoring through the so-called
reject inference. Their study revealed that semi-supervised Bayesian models, by incorporating data from
rejected credit applications, significantly enhance classification accuracy, outperforming conventional ML
techniques. This indicates that GenAl can facilitate more comprehensive credit evaluations by leveraging
a broader spectrum of data, thereby mitigating bias and promoting greater financial inclusivity.
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The influence of GenAl on decision-making extends beyond technical improvements to encompass significant
ethical implications. Chowdhury et al. (2024) emphasize the necessity for organizations to adopt strategic
frameworks for the effective implementation of GenAl, ensuring its integration within existing business
operations while adhering to ethical standards. In the realms of Bl and credit scoring, this necessitates
the development of Al systems that are transparent, interpretable, and equitable, thereby cultivating trust
in Al-driven decision processes.

3.6. Regulations and reporting

GenAl has emerged as an indispensable instrument in regulatory compliance and reporting across diverse
sectors, including finance, cybersecurity, and sustainability. This technology is particularly transformative
in meeting strict reporting requirements, such as those stipulated among others by Markets in Financial
Instruments Directive (MiFID II), Network and Information Systems (NIS2) directive, EU Data Protection
Regulation (EUDPR), Environmental, Social, and Governance (ESG) regulations together with Corporate
Sustainability Reporting Directive (CSRD), Non-Financial Reporting Directive (NFRD), etc. By automating
data collection processes and enhancing data accuracy, GenAl is fundamentally altering the way
organizations navigate complex regulatory landscapes.

In the domain of ESG reporting, GenAl facilitates compliance with the EU Taxonomy by automating data
acquisition and delivering real-time analytical insights. As noted by (Dydon.ai, 2024), the deployment
of Natural Language Processing (NLP) enables the extraction of key ESG indicators from unstructured data
sources, thereby streamlining compliance mechanisms. Such automation not only reduces manual labor but
also ensures the accuracy of reporting in alignment with regulatory expectations. Furthermore,
the integration of Al within the ESG framework helps address the dynamic nature of evolving regulatory
requirements, such as CSRD or NFRD, by fostering enhanced transparency and accountability in data
disclosure (EIMF, 2024).

GenAl also plays an important role in investment services regulated under MiFID Il. The European Securities
and Markets Authority (ESMA) underscores the necessity of maintaining compliance with MiFID [ when
employing Al technologies in investment-related activities. GenAl agents must be utilized in a manner that
ensures the precision of financial information and adherence to regulatory standards. Consequently, firms are
required to adopt best practices to mitigate potential risks and biases inherent in Al-driven investment
processes, thus safeguarding both investor interests and the integrity of financial markets (ESMA, 2024).

In the context of cybersecurity and data protection, GenAl is instrumental in helping organizations fulfill
the mandates of frameworks such as NIS2 and the EUDPR. NIS2 promotes the adoption of Al for enhanced
cybersecurity capabilities, emphasizing its potential to facilitate efficient incident detection and reporting
(Allen, 2024). The European Data Protection Supervisor (EDPS) emphasizes the importance of clearly
defining roles in data processing activities when utilizing Al, ensuring conformity with privacy regulations
(EDPS, 2024). By responsibly integrating GenAl, organizations can meet the stringent demands of data
protection legislation while leveraging cutting-edge technologies to bolster their cybersecurity infrastructures.

4. SMART LEARNING USE CASES FOR BUSINESSES

4.1. GenAl in Smart Learning: Transforming Business Education

The rapid evolution of generative artificial intelligence has precipitated substantial advancements
in educational paradigms, particularly in the realm of personalized learning experiences. A Learning
eXperience Platform (LXP) is an Al driven peer learning platform delivered using software as a service. LXPs
provide a diverse array of content, allowing users to choose what they find most engaging and GenAl
autonomous agents are their useful tutors and assistants.

Businesses are increasingly acknowledging the strategic potential of GenAl to cultivate a culture of continuous
learning, thereby enabling their transition into dynamic learning organizations. By leveraging GenAl,
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companies can deliver highly customized learning and development experiences tailored
to the heterogeneous needs of their workforce. This section examines several use cases of GenAl within
smart learning frameworks in business environments, highlighting its role in augmenting adaptability, fostering
engagement, and enhancing overall learning efficiency.

A key application of GenAl in smart learning is the development of customized training content
for employees. Binhammad et al. (2024) elucidates that GenAl possesses the capability to analyze individual
learning styles, performance metrics, and engagement data to create bespoke educational materials. Within
a business context, this translates to training modules that align with the specific needs and preferences
of each employee, thereby enhancing both motivation and efficacy. For instance, an employee with
a preference for visual learning can be provided with instructional videos or infographics, while another who
thrives through hands-on practice may be offered interactive simulations. Such a personalized approach
ensures sustained engagement and optimal knowledge retention, ultimately fostering employee proficiency.
Another prominent use case for GenAl in smart learning lies in adaptive assessments. As articulated
in a perspective article by (Arslan et al., 2024), GenAl can facilitate the creation of personalized assessments
that are dynamically adjusted to reflect an individual's learning trajectory. In corporate settings, this enables
organizations to appraise employee skills and knowledge with greater nuance, thereby deriving actionable
insights for targeted development. For example, an adaptive assessment can pinpoint areas where
an employee may need additional support, prompting the provision of focused training resources to address
identified deficiencies. Such an approach not only enhances learning outcomes but also ensures that
employees maintain confidence and competence in their professional roles.

GenAl also plays a critical role in the development of immersive learning experiences for corporate training
(Guettala et al., 2024) underscores the capacity of GenAl to elevate engagement through the creation
of interactive and dynamic learning environments. In a corporate context, this might involve employing Al
to generate realistic scenarios in which employees can hone their skills within a safe and controlled
framework. For instance, sales teams may utilize Al-driven simulations to practice negotiation techniques
or customer interactions, enabling them to refine their capabilities prior to real-world implementation. Such
immersive experiences render learning more compelling and effective, thereby contributing
to an organization's overall success.

Furthermore, GenAl has the potential to assist businesses in transitioning towards becoming learning
organizations by fostering a culture of continuous improvement. The study on (Pesovski et al., 2024) posits
that Al-driven personalization can significantly enhance engagement and satisfaction by providing content
that is directly aligned with individual career aspirations. In a corporate environment, this translates
into increased employee participation in lifelong learning initiatives, as they perceive tangible benefits
from these personalized learning experiences for their professional growth. This shift towards an ethos
of continuous learning equips businesses to remain agile and competitive in an increasingly dynamic market
landscape.

CONCLUSION

In this short review paper, we focused on using GenAl autonomous agents in businesses by presenting
general concepts and several important use cases from marketing, accounting, credit risk management,
financial analysis, business intelligence and regulatory. To keep the text reasonably short, many other areas
were not covered, such as corporate law, assistance to movable property and real estate, security,
transportation, logistics and supply chain and probably many other areas. With a certain degree
of exaggeration, we can predict that, sooner or later, GenAl agents will find their way into every
business.
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Speaking about smart learning within business environments, GenAl presents substantial opportunities
for advancing. Through the provision of personalized training content, adaptive assessments, and immersive
learning experiences, Al can facilitate the cultivation of a culture of continuous learning and adaptability.
The effective deployment of these technologies not only yields benefits for individual employees but also
bolsters the organization's growth and competitiveness, ultimately enabling businesses to thrive
as learning organizations.
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